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Addiction Aquitaine Cohort (ADDICTAQUI)

Addiction, whether involving substances or activities, is a psychiatric disorder marked by loss of ADDICTAQUI COHORT
control, compulsive use despite harm, and high relapse risk'. It remains a leading public Prospective, multicenter cohort® (France, since 1994) Inclusion criteria: addiction treatment request,
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Longitudinal studies focus on a single substance, Model a shared temporal e 5 . Longitudinal trajectory modeling:
specific treatment episodes or subpopulations traj y of use (sub or Statistical Considerations Beta-Binomial Generalized Linear Mixed Model''
behavior) at the population Non-linearity and oscillations (daily use, abstinence, relapse) Logit link function, random intercept/slope, spline
Ci tional or pective approaches level, across multiple addictions Non-normality of distributions, bounded outcomes” D¢ i dent on addiction object
fail to capture temporal dynamics® Bimodal data (accumulation at 0 and 30 days of use) Estimation: MLE Laplace, {gimmTMB} - Fit: AIC/BIC, {DHARMa}
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Need for a shared longitudinal conceptual @ groups and their baseline K-means longitudinal clustering {kml}'*
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FIGURE 1 - Conditional model estimates of use trajectories during follow-up, representing typical individuals within each addiction group FIGURE 2 - Estimated marginal levels of use (substance or behavior) at baseline
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Age: 39.4 years (SD =11.7) reduction in use during follow-up, Rapid-Imp! Cluster (58%) s
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FIGURE 3 - Individual trajectories grouped by {kml} cluster
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This study explored j ies across and behaviors Faster improvements in opioid users likely due to specific treatments like methadone. In Limits & Perspectives
using a shared modeling framework. A global trend of reduced use was contrast, and alcohol use was with more persistent use and Use-days as a shared metric have
A observed, especially in the first 6 months, aligning with known therapeutic effects. M@ greater heterogeneity, possibly due to weaker treatment effects. interpretive limitations.

Cluster-based analysis revealed a persistent-use group more likely to involve tobacco or e SO L
Future models should integrate

cannabis users, older individuals, and those with somatic comorbidities. These individuals craving and poly-addiction, using
may not be “non-responders” but have specific vulnerabilities requiring personalized care. system dynamics approaches.

Inter-individual variability and abrupt transitions highlight the limitations of linear
models in capturing substance use or behavioral addiction dynamics."®'*
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